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ABSTRACT 

 
     ARTICLE INFO 

The proposed system will identify and analyze orientation of product reviews and 

according to that system will display the rating of particular product.The orientation 

of product reviews collected by crawler from e-commerce websites is determine using 

Maximum Entropy. 
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I. INTRODUCTION 

 

With the development of e-commerce, Shopping online is 

becoming more and more popular. When we need to decide 

whether to purchase a product or not, the opinions of others 

become important. The convenience of new web 

technologies enables us to freely express our opinions and 

reviews for various productswe have purchased which leads 

to a serious problem.When it comes to an online shopping 

site, such as Amazon, Flipcart , Ebay, Snapdeal, this 

problem is about how to help its customers find the precise 

products that they will purchase. In order to enhance user 

experience and promote sales, recommendation system is 

often an indispensable part for online shopping sites [6]. 

Opinions are important because whenever we need to make 

a decision we want to hear others’ opinions. In the past, 

when an individual needed to make a decision, he/she 

typically asked for opinions from friends and families. 

When an organization wanted to find opinions of the general 

public about its products and services, it conducted surveys 

and focus groups. However, with the explosive growth of 

the social media content on the Web in the past few years, 

the world has been transformed. People can now post 

reviews of products at merchant sites and express their 

views on almost anything in discussion forums and blogs, 

and at social network sites. For a company, it may no longer 

need to conduct surveys or focus groups in order to gather 

consumer opinions about its products and those of its 

competitors because there is a plenty of such information 

publicly available.The proposed system identify and analyse 

orientation of product reviews and according to that system 

will display the rating of product which user has demanded. 

For a company, It is necessary to identify the popularity and 

quality of product made by company and it is important for 

company’s profit. 

 

II. MAIN IDEA OF RATING SYSTEM 

 

Our work is related to opinion mining, or also called as 

sentiment analysis on free text documents There has been 

computing aspect ratings from overall ratings in e-

commerce feedback comments or reviews(positive or 

negative) their aspect ratings and weights are computed 

based on regression from overall ratings and the positive 

bias in overall ratings is  the focus. In e-commerce systems 

although buyers leave positive feedback ratings, they 

express some disappointment and negativeness in free text 

feedback comments often towards specific aspects of 

transactions[1]. 
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                Fig 1. Block Diagram Of System 

 

 The product reviews expressed by customer on e-commerce 

websites is collected by using crawler and the database of 

product reviews is created. When one of the user of the 

system wants to know about particular product, then the 

reviews of that product are given to review analyser model. 

The model created using Maximum Entropy Algorithm can 

analyse the orientation of all product reviews. And by using 

output generated by model, rating of particular product is 

displayed on screen.  

 

III.APPROACHES AND ALGORITHM 

 

Maximum Entropy Classifier 

The intuition of the MaxEnt model is to use a set of user-

specified features and learn appropriate weights. We built an 

appropriately smoothed Maximum Entropy Classifier that 

aimed to select feature parameter values to maximize the 

log-likelihood of the tweet test data we generated. In 

addition, High weights given to features mean that these are 

strongly indicative of a certain class. The estimate of P(c|d) 

for class c and tweet d is given by: 

 P(c|d) =  exp( ) 

Where Z(d) is a normalization function that ensures a proper 

probability distribution, Fi,c are binary feature functions that 

give a value for the presence of feature fi in class c in the 

tweet d, and λ are feature-weight parameters. These 

parameters are learned to maximize the entropy of the 

distribution. 

 

 
               Fig 2. Classification Approach[5] 

The sentiment classification considers 6 possible classes: N, 

N+ → negative polarity; P, P+ → positive polarity; NEU 

→contains both positive and negative sentiments; NONE 

→without polarity information. The plus sign (+) signals the 

sentiment intensity. The first interesting results were 

achieved by combining 5 different binary classifiers, one for 

each class. A first classifier <NONE,other> was used to 

discriminate between NONE and all the other classes. Two 

other classifiers <other,neg> and <other,pos> were ap- plied 

after the first classifier for detecting nega- tive and positive 

sentiments, respectively. These two latest classifiers make it 

possible to distinguish between three classes: Positive, 

Negative, and Neutral. These three classifiers, one can now 

discriminate between four classes: NONE, Negative, 

Positive and Neutral. Finally, two other classifiers: <N,N+> 

and <P,P+>, allow perceiving the sentiment intensity. Only 

tweets annotated as N and N+ were used for training the 

<N,N+> classifier, and only tweets marked as P or P+ were 

used for training the second. That is different from the first 

three classifiers, which have used all the available data for 

training. 

The motivating idea behind maximum entropy is that one 

should prefer the most uniform models that also satisfy any 

given constraints. For example, consider a four-way text 

classification task where we are told only that on average 

40% of documents with the word "professor" in them are in 

the faculty class. Intuitively, when given a document with 

"professor" in it, we would say it has a 40% chance of being 

a faculty document, and a 20% chance for each of the other 

three classes. If a document does not have "professor" we 

would guess the uniform class distribution, 25% each. This 

model is exactly the maximum entropy model that conforms 

to our known constraint[11]. 

In order to apply maximum entropy to a domain, we need to 

select a set of features to use for setting the constraints. For 

text classification with maximum entropy, we use word 

counts as our features. More specifically, in this paper for 

each word-class combination we instantiate a feature as: 

…(I) 

where N(d,w) is the number of times word w occurs in 

document d, and N(d) is the number of words in d. 

With this representation, if a word occurs often in one class, 

we would expect the weight for that word-class pair to be 

higher than for the word paired with other classes. In most 

natural language tasks using maximum entropy the features 

are naturally binary features. In text classification, we 

expect that features accounting for the number of times a 

word occurs should improve classification. 

When constraints are estimated in this fashion, it is 

guaranteed that a unique distribution exists that has 

maximum entropy. Moreover, it can be shown that the 

distribution is always of the exponential form: 
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…(II) 

where each fi(d,c) is a feature, ʎi is a parameter to be 

estimated and Z(d) is simply the normalizing factor to 

ensure a proper probability: 

…(III) 

 

 

III. CONCLUSUION 

 

In this system we have proposed the technique which gives 

more accurate and also effective rating of product, Because 

the system analyze feedback which is given by previous 

users is positive or negative and according to that rating 

displayed. 
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